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Prediction of Molten Steel End Point Temperature in LF Based on
Modified Artificial Neural Network

Tao Ziyu, Jiang Maofa and Liu Chengjun
( College of Materials and Metallurgy, Northeastern University, Shenyang 110004 )

Abstract The prediction model of end point temperature of molten steel refining in a 40 t ladle furnace has been de-
veloped bya modified artificial neural network calculation method. Compared with traditional Back-Propagation ( BP) net-
work calculation method, the modified artificial calculation method can increase prediction efficiency and precision. The ex-
amination in production situ showed that using modified BP artificial neural network calculation method, the heats percent-
age with +5 °C error of prediction temperature of molten steel was 90% , while using traditional BP artificial neural network
calculation method, that with +5 °C error of prediction temperature only 77% .
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Fig.1 Flow sheet of LF refining process
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