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A Comparison between Two Models for Controlling
End-point of Converter Steelmaking

Zheng Zhong' , Shi Zhandong', Gao Xiaogiang’ and Dai Youxun'
(1 College of Materials Science and Engineering, Chongging University, Chongqing 400045 ;
2 College of Economics and Business Administration, Chongging University, Chongging 400044 )

Abstract Method, effect and function relation of static model and dynamic model for controlling end-point of convert-
er steelmaking have been analyzed. According to the handicapped present situation of sensor for medium and small size con-
verters, the comparison between optimal static model based on established GA-BP hybrid algorithm for predicting end-point
of converter steelmaking and quasi-dynamic control model for predicting end-point of converter steelmaking has been com-
pared from modeling principle, methodology and application effect. It is believed that prediction effect of a static model may
be improved with GA-BP hybrid algorithm and the quasi-dynamic control model can reflect dynamic operation and the influ-
ence of operation in melting and charging process on first tumdown time and end-point of converter steelmaking.
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Table 1 End-point target-hitting ratio for carbon and tem-
perature with different algorithms and different learning

samples / %

HEARK BP 3k GA-BP BAH®.
100 62 67
500 68 75
1 000 81 92
2000 ~ 85
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Fig. 1 Principle and comparison of two artificial intelligence model
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